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- Problem with text-to-video (T2V) generation: lack of precise rendered. Z

AnyV2V can perform a wide range of editing tasks

control of video contents (e.g. object appearance). A ——
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- Existing methods: often result in inconsistent appearance g

and motion due to weak image conditioning.
- We propose a novel diffusion-based 12V generation
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1. Spatiotemporal attention over the first frame to
maintain spatial and motion consistency.

2. Inference-time noise initialization strategy that uses the
low-frequency band from the first frame to stabilize video

generation (Framelnit). AnyV2V: A Tuning-Free Framework For Any
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Text Prompt: time lapse at a fantasy landscape, 4k, high resolution.
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